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Research Summary

Research scientist and technical lead working on post-training, mechanistic interpretability, and safety for foundation models,
with research spanning LLMs, tabular foundation models, and vision. Leads the Model Science group at Lexsi Labs, building
research systems from alignment and interpretability tooling to foundation-model training and evaluation. Published at ICML,
ACL, WWW, MIDL, and Nature Scientific Reports, alongside NeurIPS, ICLR, CVPR, MICCAI, and ICML workshops.

Research Experience

Lead Research Scientist (Present); Research Scientist (Jul. 2024 – Mar. 2026) Jul. 2024 – Present
Lexsi Labs / AryaXAI Alignment Labs (Aurionpro Solutions Group) Remote

◦ Research Leadership: Direct research across interpretability, alignment, safety, tabular foundation models, and agents;
scaled the team to 20+ researchers and interns across India and Paris, owning hiring, roadmap, grants, mentoring, and
research-to-product integration while remaining technically hands-on.

◦ Post-Training & Alignment: Architected and scaled AlignTune (37⋆) into a production-grade, multi-backend
post-training system (SFT, preference optimization/RL, PEFT, model merging); built CuratorKIT (24⋆), a
provenance-grounded data-curation and synthetic-generation pipeline, with research on verifiable long-form synthetic
document generation.

◦ Mechanistic Interpretability: Built CircuitKIT (14⋆), a circuit discovery, evaluation, and application toolkit;
co-developed C-∆θ, a circuit-restricted weight-arithmetic method for selective refusal (ICML 2026 Workshop);
ongoing research on circuit attribution and circuit faithfulness.

◦ LLM Safety: Co-built SafeTune (7⋆), a unified library for auditing and repairing safety drift in fine-tuned LLMs; built
an inference-time alignment-transfer method (ICML 2026 Workshop); research program spans safety-drift repair,
safety-repair evaluation, and auditing of compliance detectors and guard models.

◦ Tabular Foundation Models: Led problem framing, architecture design, and benchmarking for the ORION
tabular-foundation-model series – Orion-Bix (WWW 2026) and Orion-MSP (AITD Workshop, EurIPS 2025);
architected TabTune (116⋆, WWW 2026 Demo), an inference/fine-tuning toolkit for tabular foundation models, with
follow-on research in distillation, ensembling, structured health data, and credit-risk prediction.

◦ Interpretability, Evaluation & Model Systems: Rearchitected DLBacktrace v2 (26⋆) for CUDA-accelerated,
model-agnostic interpretability across LLMs and MoEs; built xai evals (15⋆), a benchmarking framework for
explainability methods, and an internal LLM evaluation library; lead structured-pruning and quantization work for
efficient model deployment.

Research Intern Jan. 2024 – Jun. 2024
Rolnick Lab, Mila – Quebec AI Institute Remote / Montreal, Canada

◦ Geospatial Climate AI: Bachelor’s thesis project (first-author, ICML 2025 & ICLR 2025 ClimateAI Workshop):
built the Alberta Wells Dataset, a novel satellite-imagery dataset for detecting abandoned oil and gas wells, working with
domain experts; benchmarked deep-learning models for geospatial climate applications.

◦ Mentor: Dr. David Rolnick (McGill University, Université de Montréal, Mila).

Computer Vision Research Intern Jun. 2023 – Oct. 2023
Bosch Corporate Research Bangalore, India

◦ Generative Data Augmentation: Developed a generative data-augmentation pipeline for safety-critical autonomous
driving perception; used latent diffusion models to synthesize hard-negative samples, improving CV fine-tuning.
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48 papers overall; 31 peer-reviewed · 210+ citations · h-index 8 · Publicly Available list: Google Scholar.
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Academic Service & Recognition

Reviewer: AAAI 2027 (Program Committee), NeurIPS 2026, CVPR, ECCV, ACL/EMNLP, WWW, and other major venues
(2024–2027). AAAI Undergraduate Consortium: Scholar (2023) → Mentor (2026).

Education

B.Tech. in Data Science & Engineering – Manipal Institute of Technology, India; CGPA 8.31/10 (Oct. 2020 – Jul. 2024)

Technical Skills

LLM Post-Training: SFT, preference optimization, RLHF, DPO, PEFT/LoRA, TRL, Axolotl, Unsloth, LlamaFactory
Interpretability & Safety: Mechanistic interpretability, circuit analysis, TransformerLens, LRP, IG, safety evaluation
Foundation Models & Systems: PyTorch, CUDA, MoE, vLLM, quantization, pruning
Infrastructure: Single and multi-GPU handling, Slurm, Docker, Hugging Face, W&B, MLflow, AWS/GCP
Languages: Python, C++

https://arxiv.org/abs/2509.08592
https://arxiv.org/abs/2605.15138
https://arxiv.org/abs/2606.11127
https://arxiv.org/abs/2411.12643
https://arxiv.org/abs/2512.00181
https://arxiv.org/abs/2511.02818
https://arxiv.org/abs/2511.02818
https://arxiv.org/abs/2601.09654
https://arxiv.org/abs/2511.02802
https://arxiv.org/abs/2511.02802
https://arxiv.org/abs/2605.18702
https://arxiv.org/abs/2410.09032
https://doi.org/10.1038/s41598-026-36027-x
https://openreview.net/forum?id=gqLXT8Edf3#discussion
https://arxiv.org/abs/2304.01243
https://doi.org/10.1109/CVPRW59228.2023.00057

	Research Summary
	Research Experience
	Selected Research
	LLM Alignment, Safety & Mechanistic Interpretability
	Tabular Foundation Models
	Vision, Medical AI & Climate

	Academic Service & Recognition
	Education
	Technical Skills

